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ABSTRACT According to production data of a 1580 rollingmill an integrated method canbining finite element analysis and neural
networks was presented for hot rolling In the method plastic defomation during the rolling process was firstly modeled by a finite ele-
mentmethod and then a neural netwoik provided parameter adjusment for the finite elementmodel so the integrated model had the
advantages of neural newotk and finite elementmethods At the sane tme intelligent chaos particle swam optim ization (CPSO) was

used to optin ize weights and thresholds of the nework A camparison between sinulation results and actual production data proved the

validity of the mtegrated model
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